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Machine Learning
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defined as a system’s ability to correctly = B LTI B SA— o4l

interpret external data, to learn from = A

’ : NHER.FHEDHRTE. FELREEH
such data, and to use those learnings to . s
" ! N9 WE B A EBIIZTS,

achieve specific goals and tasks
through flexible adaptation

Kaplan, Andreas; Haenlein, Michael (1 January

2019). "Siri, Siri, in my hand: Who's the fairest 0 =
in the land? On the interpretations, illustrations, (IEE X E) PNV L X RTHERED

E

and implications of artificial i
intelligence". Business Horizons. 62 (1) % = —
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n [Szegedy et al.: Intriguing properties of neural networks. ICLR2014.]
. x
T sign(VJ(0,x,y)) .
. . . oA ”’ 651gn‘(‘V‘zJ(0,,’w,y)) Explaining and Harnessing Adversarial Examples
panda nematode gibbon lan J. Goodfellow, Jonathon Shlens, Christian Szegedy
57.7% confidence 8.2% confidence 99.3 % confidence https://arxiv.org/abs/1412.6572

O O

Model Physical Dynamics by Sampling O 8 O Output SLTS::TD
from Distribution O O

, 45

[Evtimov et al.: Robust Physical-World Attacks on Machine Learning
Models. 2017]

' a r fo(z
- Target
I\ /B Stationary + Drive-By Testing
‘ : —
Robust Physical-World Attacks on Deep Learning Models

—
Kevin Eykholt, lvan Evtimov, Earlence Fernandes, Bo Li, Amir

.
2 ; ahmati, Chaowei Xiao,
Perturbed Stop Sign Under Atul Prakash, Tadayoshi Kohno, Dawn Song
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